FOOL'S

GOLD

Data mining avoids results based on

poor-quality data

tatistical analysis techniques, al-
ready widely applied in the
quality control of production
processes, are finding new uses
in the optimization of other im-
portant aspects of manufacturing. For
the first time, via computerization,
managers have at hand a range of tech-
niques to analyze and fine-tune busi-
ness processes, often based on data
drawn from relational database sys-
tems known as data warehouses. And
with such important decisions riding
on this data, one of the key issues
facing corporate data miners has
become data quality.

In the past, many organizations took
data quality for granted. Maintaining
data quality was considered a tactical
chore. Some customer-driven organi-
zations relied on service bureaus for
data entry, while others regarded in-
complete archival data as better than
none at all. According to the Meta
Group, Stamford, Conn., that philoso-
phy changed with the emergence of
the data warehouse and, subsequently,
data mining.

The desire to leverage some of the
benefits of data mining—the nontrivial
extraction of implicit, previously un-
known, and potentially useful informa-
tion from data—has led many organi-
zations to make important decisions
regarding the quality of their legacy
data; after all, faulty information in data
warehouses defeats the purpose of ex-
tracting intelligence from it.

“Preparing data to be mined is 60
percent to 80 percent of this problem,”

Marty Weil

Contributing Editor

courtesy SAS Institute)

says Mark Brown, data mining pro-
gram manager at SAS Institute, Cary,
N.C. “High-quality data is more im-
portant than the analytic techniques
used to mine it. Clean, detail-level data
should be the main focus in data ware-
housing activities.”

According to the Meta Group, orga-
nizations have used a wide range of
measures to clean their data, from rou-
tine data-entry validation to service
bureaus to software tools. Companies
traditionally check the quality of their
data during routine data-entry or data-
migration operations. In these cases,
data cleansing is part of an overall task.
However, many organizations find
themselves saddled with a data ware-
house full of data acquired haphazardly.

If suspect data is not cleaned prop-
erly, the mining process may result in
faulty information, or what SAS
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With its headquarters set in a campus-like building
complex in Cary, N.C., SAS Institute, over the last two
decades, has grown from a statistical software vendor to
a $653-million supplier of information delivery software,
including data warehousing and data mining tools. (Photo

Researcher Craig Rubendall calls
“fool’s gold.”

“If a manager finds information he
thinks is golden,” cautions Rubendall,
“he should take a hard look at the raw
information. By checking to see if the
raw data is ‘clean,’ the decision maker
can better determine if the information
truly is golden.”

No foolin’

SAS Institute, which offers
a comprehensive solution for
data mining, helps companies
prepare data for mining through
a software tool called the Data
Warehouse Administrator. It
provides a single-point control
for managers of data ware-
houses and simplifies the
setup and management of
multiple data warehouses by
integrating the ways in which
data is extracted, transformed,
and loaded into the data ware-
house. It also provides a
framework for effective ware-
house management through a
metadata-driven architec-
ture, which facilitates busi-
ness subject definition, con-
solidation of business rules,
scheduling of processes for warehouse
maintenance, and integration with
decision-support tools for effective
warehouse exploitation.

LTV Steel Corp., Cleveland, the
world’s fifth largest steel manufactur-
ing company, is one SAS customer that
found itself overloaded with data by
the mid-1980s, after spending years
collecting data both manually and elec-
tronically. The company’s process-
control computers were doing their
jobs, but the engineer responsible for
the delivery and quality of the product
found it difficult to access data. LTV
needed a way to get at data that would
allow continuous improvement of both
product and process.

However, before this could be pur-
sued, the firm used SAS’s data clean-
ing expertise to put its data warehouse
in order. Once the quality of the data







